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(a) An apple is a sweet, edible fruit produced by an apple tree.
(b) A peach is a soft, juicy and fleshy fruit.
(c) Grape is a soft fruit.
(d) A vehicle is a machine that transports people.

(e) A motorcycle is a vehicle.
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* T1: Many consider Maradona as the best player in soccer history.

» T2: Maradena is one of the best soccer players.
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Short text similarity calculation based on semantic and syntactic information
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AV = (fP™ (Precession”, Wa))Y + (fP™ (Pindustry”, Wy))Y = (2/544) + (3/029)% = 44/255

FPWa) = (fP™ ("recession”, W)Y + (fP™ (Pindustry”, W1))Y = (2/544)% + (1/807)% = 22/364
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B(W- B(W. 44/255  22/364
Simsocpmi(WhWQ) = f ( 1) + f ( 2) = / + / = 3/101
B1 B2 23 19
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* A cemetery is a place where dead people’s bodies or their ashes are buried.

* A graveyard is an area of land, sometimes near a church, where dead people are
buried.
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Abstract

There is a widespread of information published every day on the internet. there are a lot
of books from different cultures that are now digitized and kept in digital media in the form
of natural language. this means that it is key to have solutions for extracting important
or useful information from the massive amount of data. Computing sentence similarity
and the performance of such systems is a delicate matter of huge potential. Semantic
search, extractive summarization, sentiment analysis, document classification, plagiarism
detection can all be considered special cases of similarity. Sentence similarity assesses the
similarity of phrases in a sentence pair. The topic of this research is sentence similarity
assessment, which is composed of short texts of less than two lines. In the case of sentence
pair similarity, two sentences are sent to the system and the system must produce an output
of range zero to one (zero means the pair share no similarity, and one means they are
semantically equivalent). The purpose of this research is to design a system that can have
a better correlation with those of human judges and to study the key elements of state-of-
the-art systems.

In the proposed wavelet transform method, first, we fine-tune the sentence encoder
on the corresponding training data. Next, we decompose sentence description” using
wavelet transform, next, the cosine similarities of the corresponding channels of descriptors
are used to compute sentence similarity. The results suggest significant improvement over
the Roberta-base method and all other base encoders. Most superior methods use a large
model encodes however, in comparison our approach uses a base model which means less
training and test time.

Key Words: Text similarity, Word co-occurrence, perplexity, word pair similarity, regression.
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