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input : List of sentence pairs ((s11,512), (S2,1,522), -, (Sn.1, Sn.2))
input : List of associated labels L = [ly, ls,..., )]

input : Sets of word embeddings [WE,, WE,, ..., WE,,]

input : Multiple feature extractors [fe1, fea, . . ., fel]
output: A trained prediction model M

F= empty feature matrix;

for i <1 ton do

f=<>;

for j <1 to m do

for k+ 1 tol do

—

f = concat( f, fer((si1, si2), WE;) );

end

M = trainModel(F, L)
Algorithm 1: o0& 45‘)\ 9 r@:ﬁﬁiﬂ
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The No. 11 airline in the world, Air Canada has been under court protection from
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Aabstract

Nowadays, given the increasing amount of information and documentation in various fields,
quick access to information is of particular importance to each individual. Hence, in
addition to information retrieval techniques, summarization and categorization techniques
can also be helpful in increasing the speed of users access to their documents. . The
construction of a system that can effectively identify the similarity between the two terms
has been the subject of many studies. Determining the distance between the two words
can be done through a similarity between words or by machine learning methods.

In this research, a method is proposed that, in terms of the meaning of words in each
sentence, identifies the similarity between sentences. To get the meaning of each word, we
use word placement models. One of the features of these models is that they represent each
word in a multi-dimensional space, so that with the various operations of vectors such as
the dual-welded collections, one can obtain the meaning of the neighborhood of two words.
In the following, with the help of the four function extraction functions, the properties
of the terms are extracted, then these attributes are used in a category to identify the
similarity or non-identity of the two sentences.

In making such a system, one of the most important components of the ability to
recognize the similarity between sentences and paragraphs of the texts is the subject
of much research. This method can recognize the semantic similarity between the two
sentences in spite of their lexical similarity. In addition to recognizing similarity, this
method is also effective in detecting the lack of similarity between the two expressions,
so that after doing the tests, this method accurately categorized 83% of the data tested,

which performs better than the introduced methods.



Shahrood
University.s
Technology

Faculty of Computer Engineering

MSc Thesis in Artificial Intelligence Engineering

Sentence and paragraph similarity using
word embeding models

By: Morteza Allahpour

Supervisor:

Morteza Zahedi

Advisor:

Hoda Mashayekhi

July 2019



	فهرست تصاویر
	فهرست جداول
	مقدمه
	انگیزش و هدف پژوهش
	تعریف مسئله
	کاربردهای محاسبه شباهت بین اسناد
	ساختار پایان‌نامه

	معیارهای محاسبه شباهت متون
	حوزه‌های بررسی شباهت
	معیارهای مبتنی بر رشته
	معیارهای مبتنی بر پیکره
	روش‌های لغوی محاسبه شباهت بین دو رشته

	روش‌های مبتنی بر اثر انگشت
	کارهای پیشین
	SVSM
	شبکه‌های عصبی کانولوشنی

	نتیجه‌گیری

	روش پیشنهادی
	معرفی پایگاه داده
	بردارهای جایگذاری کلمات
	Word2Vec
	GloVe

	پیش پردازش
	سیستم پیشنهادی
	توابع استخراج ویژگی
	موتور استنتاج

	نتیجه گیری

	جزئیات پیکربندی و پیاده‌سازی
	پیش پردازش
	پارامترها
	معیارها
	معیار دقت
	معیار precision
	معیار Recall
	معیار F1

	نتایج آزمایش
	اهمیت ویژگی‌ها
	بررسی خطا

	نتیجه گیری

	نتیجه گیری و پیشنهادات
	یافته‌های تحقیق
	پیشنهادات و کارهای آینده

	مراجع

